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* Removed cancers with survival rates > 90% e For pan-cancer modeling, log-normal model fit data best.
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* Allows “borrowing” of information across cancers  Overall negative effect of TP53 mutation on survival, seemingly . ominated in predictive strength, all genes atterwaras
* Gibbs sampling approach to infer posterior positive effect of FAT4 mutation on survival. contributed less
* Positive credible intervals for FAT4 may be an artifact of FAT4
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si.multaneously. _ credible interval estimates for the effects of a mutation at TP53 and FAT4 on survival by cancer type. Orange-highlighted
Fig. 2: Correlation plot for mutation status of all 50 genes across 27 cancer types. intervals are entirely above or below 0, which is highlighted in green.
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